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            Abstract
          
        

        
          This study examines how large language model (LLM) prompting strategies align with human CEFR classifications of TED-Ed transcripts, educational video materials from the TED-Ed platform, for Korean learners of English as a foreign language (EFL). Two trained raters evaluated 321 texts using a CEFR-based analytic framework tailored to the Korean EFL context, incorporating vocabulary, syntax, discourse organization, cognitive demands, and cultural concepts. Most texts were rated at B2–C1, indicating upper-intermediate to advanced reading demands. In contrast, traditional readability indices, including Lexile and Oxford 3000/5000-based measures, placed most texts at A2–B1, reflecting their reliance on lexico-syntactic features rather than discourse, conceptual, and cultural demands. A stratified subset of 71 texts was then classified by GPT-5 under three prompting conditions: zero-shot (no exemplars), fixed few-shot (constant exemplars), and randomized few-shot (varying exemplars across runs). Agreement with human ratings was κ = .45 for zero-shot prompting and κ = .48 for fixed few-shot prompting, while randomized few-shot prompting yielded κ values between .60 and .64 with higher variability across runs. Human inter-rater reliability was κ = .76, indicating that LLM classifications did not reach the consistency of trained raters. The findings suggest that LLM-assisted CEFR classification can support, but not replace, human judgment, and that prompting design affects both agreement and stability. The difference between human and LLM evaluation procedures, including the simplified implementation of the human rating framework in the prompt, may partly explain this gap.
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